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Napovedovanje ¢asovnih vrst
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Zakaj takSen napredek?
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Napovedovanje ¢asovnih vrst skozi ¢as
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Kako bo izgledalo bodoce pametno omrezje?
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Napovedovanje ¢asovnih vrst skozi ¢as

= =
pE s —F

Objava nasega
clanka

O'I 2022

Globoko ucenje Uber

2012 2016

Lokalno Zacetek globalnega Globz.alno.
modeliranje modeliranja modelwamg
vV energetiki




Ogrodje za napovedovanje odjema v distribucijskem
omrezju, ki temelji na globalnem modeliranju

Prvi pristop v energetiki, ki temelji na globalnem modeliranju
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A Global Modeling Framework for Load
Forecasting in Distribution Networks
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Abstract—With the increasing numbers of smart meter instal-
lations, scalable and efficient load forecasting techniques are
critically needed to ensure sustainable situation awareness within
the distribution networks. Distribution networks include a large
amount of different loads at various aggregation levels, such
as individual consumers, low-voltage feeders, and transformer
stations. It is impractical to develop individual (or so-called
local) forecasting models for each load separately. Additionally,
such local models also (i) (largely) ignore the strong depen-
dencies between different loads that might be present due to
their spatial proximity and the characteristics of the distribu-
tion network, (i) require historical data for each load to be
able to make forecasts, and (iii) are incapable of adjusting to

Index Terms—Load forecasting, smart meter, global model,
distribution networks, deep learning.

I. INTRODUCTION

YSTEM-LEVEL load forecasting plays a key role in the
S energy industry, as accurate forecasts are critical to the
planning and operation of both power systems and business
entities [1]. With the integration of new smart-grid tech-
nologies, such as demand-response and distributed energy
resources, load forecasting is also becoming increasingly
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Kaj NOVEGA omogoca nas pristop? \
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Kaj NOVEGA omogoca nas pristop? \

Moznost napovedovanja tudi v primeru spremembe obnasanja
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Kaj NOVEGA omogoca nas pristop?

IzboljSana natancénost napovedovanja

TABLE I: Performance evaluation of local and global models.
Note that the MASE score (]) of a naive model 1s 1.

Modeling framework Single sTS mlSs TS All
Local 0.7983 0.7570 0.7553 0.7182  0.7647
Global (ours) 0.2011 0.7546 0.7115 0.6784 0.7364

Improvement [in 7] (.28 3.24 4,38 3.98 2.83
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|lzdelava napovedi BREZ historichih podatkov
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Miha zakljuci z raziskavami in zapusti EIMV...




Izdelava aplikacije za nhapovedovanje SE -
ELES uporablja od leta 2022
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Slabe napovedi znotraj dneva

Vv

Dobavitelji nimajo dostopa do
RealTime podatkov SE
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Zakaj?

{ Lokalno modeliranje 1 [ Globalno modeliranje }
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Kako?

Napovedovanje videja

Napovedovanje razvoja
oblakov z globokim
ucenjem
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Oblac¢nost in proizvodnja iz SE

Min. PV generation
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Oblac¢nost in proizvodnja iz SE
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